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Abstract. Process mining adoption has received growing academic attention 

in recent years. This study presents the literature on process mining adoption. 

We divided the 34 papers found into four dimensions: Technology, 

Organization, Process, and Value/Trust. Based on the analysis of the findings, 

the implementation of process mining is not only a technical issue, but also 

requires organizational readiness, contextualization of the process, and 

mechanisms to build process awareness and trust in the results. Existing and 

cutting-edge technologies can expand the potential of process mining, such as 

ERP, AI, and Robotic Process Automation (RPA). Organizational factors and 

user trust play a crucial role in ensuring continued adoption. These findings are 

expected to provide a series of research directions for government 

organizations. 

Keywords: adoption technology, bibliometric, BPM, literature review, process 
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1. Introduction  

Process mining can be used to improve business processes and ensure regulatory 
compliance (W. Van der Aalst, 2016). By understanding current business processes using 
process mining, organizations can measurably improve those processes (Ly et al., 2015; 
Reinkemeyer, 2022); Process mining provides organizational benefits in the form of more 
efficient business process analysis ((Garcia et al., 2019). Process mining is a relatively new 
and growing field of research, focusing on business process analysis (Dakić et al., 2018). 

Currently, most process mining research focuses on technical aspects, such as 
developing and improving process mining techniques or methodologies to make them faster 
or more accurate (Grisold et al., 2021). Process mining is a new research discipline for 
discovering, monitoring, and improving actual processes. Research on process mining 
adoption has been extensive over the past years. This research encompasses organizational 
approaches, techniques, data collection, and approaches through process mining actors and 
end-users. 

Meanwhile, the adoption of process mining technology in the government sector, 
particularly in developing countries, is still very limited. The use of advanced technology in 
government is quite slow, due to a rigid bureaucratic culture. The adoption of Information 
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Technology and Systems (IT/IS) enables state government agencies to provide quality public 
services and better respond to constituent needs, improve performance, and use resources 
and taxpayer dollars effectively. Much technology adoption research on emerging 
technologies has been conducted specifically in government because most technology 
adoption research focuses on business improvement in corporate organizations. 

This paper aims to identify the state of the art in research on the adoption of process 
mining technology. The results are expected to provide insights and identify methods or 
frameworks that can be applied in the government sector. 

 
2. Literature Review  

2.1 Process Mining. 
Process mining is a discipline that connects data science and process science by 

extracting, reconstructing, and analyzing “as-is” processes from event logs recorded by 
information systems, and then analyzing them with Business Process Management to improve 
business processes, identify bottlenecks, and predict outcomes (W. Van der Aalst, 2016; W. 
van der Aalst, 2020). 

Process mining focuses on the operational processes within an information system that 
produce a product or service. Process mining is a generic approach that can be applied across 
all organizations and industries.(W. M. P. van der Aalst, 2022) 

  
2.2 Adoption of Process Mining 

When a person or organization does something different from before because they use 
or purchase a product, we can refer to it as adoption. The key point of adoption is when the 
idea, behavior, or product is new or innovative. After that, diffusion is possible.(Rogers et al., 
2019). 

Several theories and models of technology adoption have been developed by 
researchers. To understand how process mining can be adopted comprehensively, several 
theoretical approaches to adoption are needed (Taherdoost, 2018). The development of a 
process mining adoption model using TOE and DOI has been carried out but is still in its early 
stages (Berhold et al., 2021). 

 
3. Method 
 
3.1 Systematic Review 

This research employs a literature review approach using a prism. This method enables 
researchers to evaluate the credibility of the methods and findings in previous studies and 
present research that contributes to the primary research findings. These findings are 
expected to provide direction and policy for the future.(Page et al., 2021) 

The main objective of a systematic literature review is to analyze the current corpus of 
literature pertaining to a specific subject of research. This study utilizes data obtained from 
reliable scientific publications available through established journal databases Scopus to 
provide comprehensive results. The results obtained from the process of identifying the issue 
will be used as the foundation for improving the development of process mining adoption 
model. 

 
3.2 Research Question 

 RQ1: What are the adopted theoretical frameworks by previous researchers for Process 
Mining adoption? 
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RQ2: What are the critical factors that may have an impact on the acceptance of Process 
Mining in the organization?  

 
This study employed a search strategy to locate publications that are relevant to the 

research issue. The search was conducted using specific keywords, namely "Process Mining" 
and a combination of terms relating to adoption and acceptance, including "Adoption," 
"Adopted,",” implementation”,” utilization” and "Acceptance". The inclusion and exclusion 
criteria are as follows: (i) Published in reputable international journals, books, and conference 
proceedings. (ii) Concentrated on the adoption, implementation and utilization of technology. 
(iii) Publication timeframe extends from 2013 until the year 2025 due to the process mining 
manifesto on 2012. (iv) open access.  The query used for this research is as follows 
"PROCESS MINING" AND (adoption OR acceptance OR implementation OR adopted OR 
utilization). 

 
Figure 1. Execution of Phase (adoption from Prisma).  

 
3.3 Studies Selection 

The study used the Scopus database. The initial search yielded 1,039 articles. After 
applying inclusion and exclusion criteria, 923 articles were selected for review. A review of 
titles and abstracts identified 68 articles. Ultimately, 34 articles met the research objectives 
and were fully accessible (see Table 1). Figure 1 shows the steps involved in determining 
article selection. 
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Table 1. Previous Process Mining Adoption 

Dimension Study Context/sector Focus 

Technology  (Helm et al., 2020) Healthcare Data engineering and clinical standards 
(SNOMED, ICD-10) 

(Accorsi & Lebherz, 
2022) 

General Data availability and interoperability 
challenges 

(Stertz et al., 2021) Manufacturing Event log quality and preprocessing 

(Gomes et al., 2022) General Tool evaluation (ProM, Disco, PM4Py) 

(Amantea et al., 
2020) 

Healthcare Data format and system integration 
challenges 

(Reinkemeyer, 2022) General PM integration with AI and prediction 

(Ammann et al., 
2025) 

General Hybrid PM and AI and automation 

(Al Ayyubi et al., 
2024) 

Banking PM and RPA synergy for compliance 

(Werner et al., 2021) Audit Auditability and digital evidence 

Organization (Zuidema-Tempel et 
al., 2022) 

General Academic–practice gap and adoption 
methodology 

Zuidema-Tempel et 
al. (2022) 

Healthcare Adoption framework, quick wins, action 

(W. M. P. van der 
Aalst & Carmona, 
2022) 

General Actionability, insight and action 
transformation 

(Erhard et al., 2023) Healthcare Maturity model for data management 

(Hijriani, 2022) Government Public sector readiness assessment 

Zerbato et al. (2023) General Process mining adoption maturity model 

(Syed et al., n.d.) Government Continuity vs. discontinuity tension in 
adoption 

(Kipping et al., 2022) General Team configuration and roles in adoption 

(Maleki Shamasbi, 
2023) 

General User competencies and skills 
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(Dirnberger et al., 
2023) 

General User categories (power users, influencers, 
etc.) 

Table 1. Previous Process Mining Adoption (cont.) 

Dimension Study Context/sector Focus 

Process 
 

(Eggers & Hein, 
2020) 

Healthcare Process awareness and transparency 

(Mamudu, 2021) Healthcare Clinical service standardization and adoption 

Al Ayyubi et al. 
(2024) 

Banking RPA integration and banking ROI 

(Milde et al., 2024) Manufacturing PM adoption in the global supply chain 

(Werner & Gehrke, 
2015) 

Audit PM for internal audit 

(Rodríguez-Quintero 
et al., 2021) 

Fraud Detection PM for financial fraud detection 

(Eggers et al., 2021) Healthcare Organizational awareness for Transformation 

(Hijriani, 2022) Government Public sector readiness and digital policy 

Value/Trust 
 

(Martin et al., 2021) General Delphi study: adoption opportunities and 
challenges 

(Tentina et al., 2025) General Validation and trust in process mining results 

Gomes et al. (2022) General Action selection and actionability 

Zerbato et al. (2023) General Maturity as an integration driver 

(Dirnberger et al., 
2023) 

General User categories and integration patterns 

(Ammann et al., 
2025) 

General Continuous monitoring and sustained 
adoption 

(Maleki Shamasbi, 
2023) 

General Competencies for sustainable integration 

 
3.3 Analysis Bibliometric 
The steps for using VOSviewer for bibliometric analysis begin with collecting the data found 
in RIS format. The data is then imported into VOSviewer, and the user selects the desired 
analysis type from the title and abstract. Afterward, the analysis parameters, such as the 
minimum number of occurrences, the number of documents, or the minimum citations, are set 
to filter the data as needed. 
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Figure 2. network visualization 
 

For the bibliometric analysis, VOSviewer was utilized to construct visual maps based on 
data extracted from the title and abstract fields of the selected publications. The binary 
counting method was applied, ensuring that each term was counted only once per document, 
regardless of its frequency of occurrence. To focus on the most significant concepts, the 
threshold was set at a minimum of 13 occurrences per term.  

 
4. Results and Discussion  

4.1 Process Mining Adoption in Previous Studies 
The adoption of process mining has been widely explored across different organizational 

and sectoral contexts. A review of prior studies reveals several recurring themes, including 
opportunities and benefits, challenges and barriers, adoption models, and sector-specific 
applications. 
 
4.1.1. Tren Analysis 
 

In the early stages, research on process mining adoption primarily focused on the technical 
foundations, particularly the quality of event logs, data standardization, and integration with 
enterprise systems. At this stage, most contributions were methodological or tool-oriented, 
highlighting the technical feasibility of process mining in diverse contexts such as healthcare, 
manufacturing, and business services. 

Recent studies on process mining adoption have focused more on the value and trust in 
process mining. Process mining results can provide more accurate measures of efficiency 
improvements, compliance assurance, and ROI. This trend demonstrates that process mining 
is not merely a technical tool but also plays a role in socio-technical transformation. 
 
 
4.1.2. Dimensions of the Process Mining Adoption Framework Adoption 
 

The adoption of process mining can be understood through four interrelated dimensions: 
technology, organization, process, and value & trust. These dimensions form a holistic socio-
technical approach, emphasizing that successful adoption requires not only robust digital 
infrastructure but also human, organizational, and governance readiness. With the four 
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categories above, an organization can adopt process mining based on its adoption needs and 
context.  

The technological dimension highlights the significance of log data in the adoption of 
process mining. Without good and reliable initial data, process mining results will be 
suboptimal or even biased. Integration with other technologies, such as ERP, RPA, and AI, 
expands the scope of process mining to enhance an organization's operational capabilities. 

 
From an organizational perspective, stakeholder support and commitment were crucial in 

the adoption of process mining. Furthermore, new roles are required in process mining 
projects to optimize operational, technical, and business requirements. To reduce internal 
resistance, good communication and structured training are needed. 

 
The Process Dimension focuses on selecting business processes that are suitable for the 

organization's context and needs. Incorrect business process selection can render a process 
mining project worthless. Existing methods can be used by organizations that include 
planning, implementation, evaluation, and refinement stages. Continuous use of process 
mining can lead to increased adoption of the process mining approach. 
  The last dimension emphasizes that the adoption of process mining technology requires 
consideration of user trust and that the results of process mining can benefit the organization. 
Validating individual trust can broaden the organization's reach. This dimension ensures that 
process mining serves not only as a technology but also as a strategic role within the 
organization. 
 
 
4.2 Analysis Bibliometric 

V This study utilizes VosViewer to present data sketches from 34 papers, which are 
visualized in the form of network diagrams consisting of three clusters, as shown in Figure 2. 
The visualization shows three thematic clusters: (1) technical foundations (process model, 
event log, techniques), (2) organizational and sectoral challenges (government, service, 
business process management), and (3) methodological and empirical studies (case study, 
application, methodology). Together, these clusters highlight the importance of aligning 
technology, organizational context, and practical implementation strategies (see Table 2). 
 

Table 2. Three thematic clusters. 

cluster Color Item 

1 Red Process mining, order, event, technique, 
process mining technique, event log, process 
model, business process 

2 Green Adoption, use, study, research, methodology, 
case study 

3 Blue Service, business process management, 
government, challenge, organization 
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5. Conclusion. 
 

This literature review of process mining adoption, based on 34 selected papers, identified 
four interrelated categories: Technology, Organization, Process, and Value/Belief. 
Technological advances can broaden the scope of process mining. The role of stakeholders 
and experts is crucial in the adoption of technology. Selecting the proper business process, 
along with user trust and the resulting benefits, is an essential factor in the adoption of process 
mining. 

 
Process mining adoption depends not only on technological readiness but also on 
organizational factors, existing processes, and user confidence in utilizing its output. Future 
research could further emphasize these four categories to build a comprehensive adoption 
framework.  
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